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Data, information, and knowledge amidst the COVID-19 pandemic
Kalirad A.

Dept. of Biology Science, Institute for Research in Fundamental Science(IPM),Tehran, I.R. of Iran

Abstract

Converting data into information, knowledge, and then wisdom is the most onerous part of science,
especially biological sciences. More attention must be paid to the difficulty inherent in this process amid
the emergence and the spread of a novel virus, since neglecting the distinction between these epistemic
categories can lead to incomplete and even incorrect identification of the causes and the remedies of the

current pandemic.



